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Fig.1 Block diagram of AEC algorithm
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Acoustic-Echo Cancellation Algorithm for Video Conference System

Abstract: The acoustic-echo is one of the main factors that influences the video conference system

function. This article analyzed the element of the echo in video conference system, and introduce a few

familiar acoustic-echo cancellation algorithm. The article analyzed the shortage of each algorithm, and

put forward a kind of new acoustic-echo cancellation algorithm, the experiment proves this kind of

algorithm can cancel echo effectively.

Keywords: Video Conference; AEC; NLMS; LPC



